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Create a shooting game Al using DQN

* S. Nakagawa and Y. Nagata (University of Tokushima)

Abstract—

Game Al uses deep reinforcement learning to allow a computer to automatically learn

the rules while playing a game without being programmed with knowledge of the game. Therefore,
it is expected to lead to research on Al that is more versatile than Al for specific games. For example,
deep reinforcement learning has been applied to various video games, and attempts have been made

to create computer players that can clear these games. IS ¢ ! )
he ‘agent learns from easy to gradually difficult'environments. In particular, the

a shooting game.

In this study, | use DQN to create an Al for

agent learns to focus on the behavior of avoiding enemy attacks.
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Fig. 1, Game screen of self-made envi-
ronment
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Fig. 2, Neural Network
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Fig. 3, Experiment 1: Graphs during learning after
adding innovations
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