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Creating a Fighting Game Player Using a Self-Playing Method
* N. Mochida and Y. Nagata (University of Tokushima)

Abstract—

AlphaGo Zero has repeatedly created and learned training data by playing against

itself, and has acquired powerful strategies in Go. AlphaZero is a generalized version of AlphaGo
Zero. AlphaZero uses Monte Carlo tree search for action selection, but it is difficult to apply it to
fighting games due to the short time available for search. Therefore, the maximum depth ofPthe tree
to be explored was determined to reduce the search time.
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