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Space Ambiance Extraction using Bag of Visual Words
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Abstract— In text-based online searches for furniture, it is difficult to estimate a space ambiance, which
affects the combinations with other furniture. Various methods using shape features and textures have been
proposed to estimate the space ambiance, however these methods need to estimate the optimal number of
features. This study estimates the space ambiance by extracting visual words from in-room image data,
considering each image as a single sentence. Specifically, we use the Bag of Visual Words, a natural language
processing method, to estimate the space ambiance using a histogram based on the extracted visual words.
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Fig. 1: Overview of onomatopoeia and texture-based
recommendation system
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Fig. 3: Local feature extraction
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Fig. 4: Detection of feature points using Dog
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Fig. 5: Overview of the proposed method
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Fig. 6: Comparison with SIFT and SURF features
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Fig. 10: Comparison with Accuracy of Naive and Pro-
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Table 1: Number of SURF features in each category
[ SURF features [Unit]

Brick tone 350,566
Japanese modern tone 264,470
Wood tone 229,478
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